Chapter 1: Overview of Algorithms
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Chapter 2: Data Structures Used in Algorithms
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Chapter 3: Sorting and Searching Algorithms
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PASS 1: | 70 | 15 | 25 l 19 I 34 | 44 ‘ 70 is the largest, moves to the right
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PASS 3: | 34 | 15 [ 25 | 19 | 44| 70 34 is the largest, moves to the right
PASS 4: | 19 l 15 [ 25 | 34 |44 ] 70 25 is at the right position
PASS 5: | 19 | 15 | 25| 34 |44 | 70 19 is the largest, moves to the right
|15 19| 25 | 34 J44 | 70 | RESULT




Chapter 4: Designing Algorithms
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Chapter 5: Graph Algorithms
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Chapter 6: Unsupervised Machine Learning Algorithms
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Sepal.Length Sepal.Width

Petal.Length

Petal.Width

L0 0.361387 -0,084523 0.856671 0.358289
1 0.656589 0.730161 -0,173373 -0.07548] =
-0,582030 0,597 0076236 ___ 0.545831 | efmmmn
3 -0.315487 0.319723 0.479839 —0.753657h

Coefficients forRC1
Coefficientsfor/RC2
Coefficients)forlRC3

Coefficients for/RC4

Sepal.Length Sepal.Width Petal.Length Petal.Width PC1 PC2 PC3 PC4

0 51 D 1.4 0.2 2.818240 5.646350 -0.659768 0.031089

1 4.9 3.0 1.4 0.2 2.788223 5.149951 -0.842317 -0.065675

2 4.7 3.2 1.3 0.2 2.613375 5.182003 -0.613952 0.013383

3 4.6 3.1 1.5 0.2 2.757022 5.008654 -0.600293 0.108928

4 5.0 3.6 1.4 0.2 2.773649 5.653707 -0.541773 0.094610
145 6.7 3.0 5.2 2.3 7.446475 5.514485 -0.454028 -0.392844
146 6.3 2.5 5.0 1.9 7.029532 4.951636 -0.753751 -0.221016
147 6.5 3.0 5.2 2.0 7.266711 5.405811 -0.501371 -0.103650
148 6.2 3.4 5.4 2.3 7.403307 5.443581 0.091399 -0.011244
149 5.9 3.0 51 1.8 6.892554 5.044292 -0.268943 0.188390
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Chapter 7: Traditional Supervised Learning Algorithms

Gender Age EstimatedSalary Purchased

0 Male 19 19000 0

1 Male 35 20000 0

2 Female 26 43000 0

3 Female 27 57000 0

4 Male 19 76000 0
Female Male Age Estimated Salary Purchased
0 0.0 1.0 19 19,000 0
1 0.0 1.0 35 20,000 0
2 1.0 00 26 43,000 0
3 1.0 0.0 27 57,000 0
4 0.0 1.0 19 76,000 0
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NAME CYLINDERS DISPLACEMENT HORSEPOWER WEIGHT ACCELERATION MPG

0 chevrolet chevelle malibu 8 307.0 130 3504 12.0 18.0
1 buick skylark 320 8 350.0 165 3693 115 15.0
2 plymouth satellite 8 318.0 150 3436 11.0 18.0
3 amc rebel sst 8 304.0 150 3433 12.0 16.0
4 ford torino 8 302.0 140 3449 105 17.0
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Chapter 8: Neural Network Algorithms
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Chapter 10: Understanding Sequential Models
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Chapter 11: Advanced Sequential Modeling Algorithms
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Chapter 12: Recommendation Engines
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Matrix[S] x Matrix[U] = Matrix[R]

.
Ll

[ 10*4 + 50+ 3*0 + 2*5 + 1*0 = 50

10 |5 1 4 50
5 10 3 0 45
3 6 10 |1 5 0 17
2 10 |3 5 58
2 3 5 3 10 v 0 23
Similarity Matrix S User Preference Recommendation
Matrix U Matrix R
userld movield rating timestamp

hr W N Ao O

47
50

4.0
4.0
4.0
5.0
5.0

964982703
964981247
964982224
964983815
964982931

movield title genres

0 1 Toy Story (1995)  Adventure|Animation|Children|Comedy|Fantasy
1 2 Jumaniji (1995) Adventure|Children|Fantasy
2 3 Grumpier Old Men (1995) Comedy|Romance
3 4 Waiting to Exhale (1995) Comedy|DramalRomance
4 5 Father of the Bride Part Il (1995) Comedy
userld movield rating timestamp title genres

0 1 1 4.0 964982703 Toy Story (1995) Adventure|Animation|Children|Comedy|Fantasy
1 5 1 4.0 847434962 Toy Story (1995) Adventure|Animation|Children|Comedy|Fantasy
2 7 1 45 1106635946 Toy Story (1995) Adventure|Animation|Children|Comedy|Fantasy
3 15 1 25 1510577970 Toy Story (1995) Adventure|Animation|Children|Comedy|Fantasy
4 17 1 4.5 1305696483 Toy Story (1995) Adventure|Animation|Children|Comedy|Fantasy
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Chapter 13: Algorithmic Strategies for Data Handling
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Chapter 14: Cryptography
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Chapter 15: Large-Scale Algorithms
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Chapter 16: Practical Considerations

Machine Learning
Explainability Approaches
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old_home_prop > 6.57 _
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crime_per_capita <= 0.09 A I

17.40 < low_income_prop <= 19.10 A I

I

pupil_teacher_ratio <= 280.50 -




Local explanation

old_home_prop > 6.61
median_price_in_area > 16.70
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